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Can Al Help You?
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What is AI? And Why AI?
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Business Performance
Management (BPM)
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Identified Data Sources
(Data Availability)
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ﬂmaéw"{uaﬁum&uﬂ’liﬁ@%ﬂﬁmaagﬁmi \T% Data Warehouse #1
Fowadouliineldt Al v‘hmﬁmﬂ:ﬁwqamsmaa;ﬂmﬁﬁﬁﬁiammz%a
Fudwe9UsEn luumef Data Warehouse #2 Saadouliéwiunis
ATLANIN (Face Detection Al) °1Jaagﬂﬁ'}ﬁLﬁﬁml,ﬁaﬂ%aauﬁﬂuguﬂ
WEAIFUAN Lﬁ‘a‘iLﬂs’lzﬁ'jﬂmnﬂugnﬁ%mLLazgnﬁTﬂmj wazdwInaSin

gnﬁ’ﬁLwiazs'lsJLﬁurﬁ'lmLﬁmlmlugﬂﬁuamﬁuﬁﬁ Wuan

System Architecture and
Technology and Digital

Infrastructure
Tnsvasowuguduinalulagansautne

J———

la=adna

lumagandaszuunianuavasesdnadiaoiu fuinamaoaulild
wisuanunienvasnaFendadayafildain Al Technology 111y

Enterprise System 284a9An3 Mlilisansndianzidoyavas Al file

aa o

uoudalud@ NikmMINuRunsulasasdInaidunsasnsdyua:

=

IFsndszanmdeutnogs luszuy Infrastructure Millulasaasnonugiu

(Foundation) 174 szuuikiaidsn szuudaiivdoys wiaszuy Cloud

e

A [

UimiaasdaaulainazimsdSulasssefiugiudnudanavesasdng

e3>

WWasassumsifiulaaas Al Technology %38 sl



COLLECT DATA FROM hd
MULTIPLE SOURCES,
SYSTEMS, AND LOCATIONS

DATA
MANAGEMENT A"&JET;CS Appﬂggm"
LAYER
.
DASHBOARD
INGESTION DISCOVERY VISUALIZATION
=] H
DATA ANALYTICS PLATFORM
STORE (APPLYMODEL) AS ASERVICE
DATA
WRANGLING WRANGLING MARKETPLACE
APPLICATION
[ GOVERNANCE ] [ MANAGEMENT] [ MARKETPLACE ]
REAL-TIME
CONTROL
INFRASTRUCTURE
FOUNDATION LAYER
NETWORK STORAGE CLOUD 3 SINESS

CONTINUITY

nIwuaavddIogvuav Al and BI System Architecture

wIalugissuduaaslassmsinses e1alsu3n13ues Cloud Nluain

1 v 6

Software-as-a-Service U84 Al Module U% Cloud wnuiazGadudnd
(License) 31 uazidayafllaain Al Technology luifin'liuu Cloud 15u

WeafwdeaniyninsguaszuuresyaaInIvasasing iudu

T



avijo nagau yavlKLKU
aunQ

fvldaravijo avusvy
as19NSUOUNISISYUS
WWodagoauazvg1gwa
LWS1=OUIACIIOVSSTID
wsoudavasiraadry Al uaa!




Prototype A/B Testing
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Production Optimization
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Logistics and Distribution
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HR Analytics
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Work-Life Integration
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Bad Debt and Credit Score
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Optimizing Sources of Funds
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Diagnostic Analytics
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Multivariate Analysis:
Numerical vs Numerical
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Multivariate Analysis:

Categorical vs Categorical
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Multivariate Analysis:

Numerical vs Categorical
N1s31AS1=KKaNgadUUs: Adlay vs KUDQKL

ddudsghsulaududszinndayafiiuandrein lasfidamiaiu
Numerical Data #2%8na2nikitilu Categorical Data N33LATEANIENG
& a lﬂl A [ s [ & lﬂl a
Aflsaslanannuanaiuns ezl ttest (MInasauiiaSouifay
Aadpveainguiainifianafianuduiusiunialiild) ANOVA (M3
Jianeranuudsisan wia Analysis of Variance) #3a Logistic Regression
(Myenzdminanasladadng nilamefiemslianedadifiigmnn)
(e

[
a A P~

a dl v = a 1 v v A v
I@]U‘L]ﬂ(ﬂ L3JE’J@]ﬂ{]ﬂ'ﬁLﬂiﬂ‘UL'YIﬂ‘]J’Ngﬂ@ﬂE‘H’]&I‘Iﬁiﬂl‘}dﬂm\’iwﬂﬂ@]“ﬁa

()
1]

=

a o ' o A ' o o & @ o P B
fumuandrsnuniald msmenuduiuives 2 dudsidinitadu
Categorical Data (L) fudnaanikatdu Numerical Data (Ua@‘ﬁa) AN
a o a € &A = = 1 el' ::f a v U
hguhundeneh naamaauinaudaisaassaadaguenvadKme
WY BI0QIINNTINUYILTIULANY BT

SPENDING

200
180
160
140
120
100
80
60
40

20

MALE FEMALE

130




winguuuaadszanazalindaissaadafuAreIfTIsuae
Hn A Iuand1ai Wi TN YTsuRsui il ldRasanIInIzaNLes
HAAUHTIUR R 96 FININIATIZAANNLANGIFIENTTIT t-test
azihmiaafsuaz@IndsRUUNIaIgIN (S.D.) NYMINITMIEIY
L‘Wi’]:ﬂ’]il,ﬂ%ﬂ‘uLﬁﬂuﬁ’aUﬁ’]mﬁ&IL‘ﬁSlx‘iaEh\‘iLﬁﬂ?ﬁIﬂﬂﬁﬁﬁﬂ:ﬁﬂIﬁﬁ@ﬁ?ﬂ
4 s
AaaLARau A
n@edatafsgaagatedu daudasiuuunasgiuliainin
ﬂ'wmﬁmﬂa@%aﬁuﬁwaag'{mmm:ﬁ%mﬁwﬂ&immmagﬂvl,ﬁim@m@huﬁu
s aaa y a4 Do
mMatdandnisAansld Bar Graph fivn Band suldusiuuanasgim
e aglanmunsdiadowssswdosunanasgu viadnmaian
fan13Wa15841371n Box-Plot é’agﬂﬁmmd 39 Box-Plot 1hsLaad l¥LAKIN
) v o . . = =2 Y | X
maga%anuuaghmwad Q1 99 Q3 TIANWNINIVBINABIATINAI
13N Interquartile Range (IQR) 9N28LVaINaaIUH WINYNNIRINLE
1dluszoz 1.5 wihwes IQR yafiaguaniduih azgnWarsaniniuen
AaUn@ w3a Outlier

Q;-q,"
INTERQUARTILE RANGE
(IGR)
e
OUTLIERS OUTLIERS
o (O}
Q,-IGR a MEDIAN

1 2

177 e I




Multi-Dimensional Analysis: Pivot Table
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Multi-Dimensional Analysis:
Dashboard
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